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About Kaggle

● Biggest platform for competitive data science in the world

● 18.1 Million Kaggle user accounts

● Great platform to learn about the latest techniques and avoid under/overfitting

● Great platform to share and meet up with other data nerds

● Kaggle ≠ All Data Scientist Job Tasks 
○ Try not to confuse Kaggle objectives versus all aspects of Data Scientist job
○ Certain aspects overlap but not everything 

https://www.kaggle.com/code/carlmcbrideellis/kaggle-in-numbers



What is Kaggle used for?

Kaggle is primarily used for data science competitions, where participants can compete with each other to create the 
best models for solving specific problems. Organizations from around the world sponsor these competitions, and they 
cover a wide range of topics, such as image classification, natural language processing, and predictive modeling. 

Kaggle is also used for:
● Learning: Kaggle provides resources such as public data sets, machine learning tutorials, and code notebooks 

that allow users to learn and practice data science skills.
● Collaboration: Kaggle allows users to form teams and collaborate on submissions, share code and data sets, 

and provide feedback to each other.
● Community building: Kaggle has a large community of data scientists, machine learning engineers, and data 

enthusiasts, providing a platform for users to connect, share ideas, and collaborate on projects.
● Research: Kaggle's data sets and competitions are impactful for research purposes, making it a platform for 

testing and improving machine learning algorithms.

Overall, Kaggle is a versatile platform that offers a range of opportunities for data scientists and machine learning 
engineers, from learning and collaboration to research.



General Strategy for Competitions

Data agnostic (Sparse, dense, missing values, larger than memory [VRAM and/or RAM])

Problem agnostic (Classification, regression, clustering)

Solution agnostic (Production-ready, PoC, latency)

Automated (Turn on and go to bed)

Memory-friendly (Don’t want to pay lots of $)

Robust (Good for generalization, concept drift, consistent)

● Get a good score as fast as possible
○ Failing fast and failing often / Agile sprint / Iteration

● Using versatile libraries, ensembling, experiment tracking, etc.
● Create ML / AI models with optimized pipelines that are:
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Overview



Evaluation: F5-Score



Dataset Description - PII Types



Dataset Description - File and Field Information



Example Data Showing the BIO Formatting

Image taken from: https://www.kaggle.com/code/snassimr/pii-data-detection-eda



Dataset Quantity and Leaderboard (LB)

Dataset Quantity

● Total # of Essays: ~22K essays
● Training = 4,768 essays
● Leaderboard

○ Public:  ~4,300
○ Private: ~12,900

Leaderboard (LB)

● Public LB scores are shown throughout 
the competition.

● Private LB scores determines your final 
placement.

○ You select 3 submission files.
○ Trust your Cross-Validation because its 

easy to overfit to the Public LB!
○ Think of the Private LB as putting a model 

into production and seeing how it performs 

Label Counts in Training Data

* Considerable class imbalance
* Few observations for certain classes 🤔



Submissions are Made Using Kaggle’s Infrastructure

Kaggle’s Infrastructure is used to make a submission but you can develop with any compute.

● Jupyter Notebooks (similar feel to Colab)
● Kaggles hardware (similar to going to a Prod. env. with hardware requirements)

○ Limited GPU (16GB - single GPU), CPU (2 cores), Memory (32GB), etc.
● You can upload data files (e.g., models, scripts, data sets, etc.)
● It puts everyone on a level playing field for submissions!



Thank you!
Myles Dunlap

May 2024
https://github.com/mddunlap924


